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Abstract. Artificial intelligence (Al) has significantly transformed translation practices by
enabling fast and large-scale multilingual communication. However, despite its efficiency, Al-based
translation systems still face serious linguopragmatic limitations. These limitations are particularly
evident in handling context, cultural nuances, idiomatic expressions, and speaker intentions. This paper
explores the key linguopragmatic constraints of Al translation systems, including issues related to
discourse coherence, pragmatics, and sociolinguistic variation. It also proposes practical strategies to
mitigate these limitations, such as hybrid human-Al collaboration, contextual modeling, and improved
training data design. The study is based on recent research in computational linguistics and translation
studies, aiming to provide a comprehensive academic analysis of the problem.

Key words: artificial intelligence, machine translation, pragmatics, linguistics, context, discourse,
cultural adaptation, translation strategies.

Annotatsiya. Sun’iy intellekt (SI) tarjima jarayonlarini tezlashtirish va kengaytirishda muhim rol
o‘ynaydi. Biroq, uning samaradorligiga qaramay, SI asosidagi tarjima tizimlari hali ham
lingvopragmatik cheklovlarga duch kelmoqgda. Ushbu cheklovlar kontekstni tushunish, madaniy
xususiyatlar, idiomatik ifodalar va nutq egasining niyatini aniglashda aynigsa yaqqol namoyon bo ‘ladi.
Mazkur maqolada Sl tarjimasining asosiy lingvopragmatik muammolari tahlil gilinadi hamda ularni
bartaraf etish strategiyalari taklif etiladi. Tadgigot zamonaviy kompyuter lingvistikasi va
tarjimashunoslik manbalariga asoslanadi.

Kalit so‘zlar: sun’iy intellekt, mashina tarjimasi, pragmatika, tilshunoslik, kontekst, diskurs,
madaniy moslashuyv, tarjima strategiyalari.

Annomayua. Vckyccmeennvlii  unmenniekm 3HAUUMENbHO USMEHUN NpoYeccvl nepesood,
obecneyug ObICMPYIO U MACUMAOHYIO MENHCHA3LIKOGYIO KOMMYHuKayuro. OOHaKo cucmembl MAUUHHO20
nepeooa cmanKusaomces ¢ paoom JUH280NPALMAMUYECKUX 0SPAHUYEHUN. Dmu npoodaembl NPOAGIAIOMCSL
6 NOHUMAHUU  KOHMEKCMA, KYJIbMYPHbIX — OCODEHHOCmeEU, UOUOMAMUYECKUX — GbIPAJCEHUN U
KOMMYHUKAMUBHbIX ~ Hamepenuu. B cmamve paccmampusaiomca — Kiouegvle  02paAHuyeHus u
npeonazarmes cmpameuy Ux npeoooJieHUus HA OCHOBE COBPEMEHHbIX UCCIe008aHull 6 obaacmu
KOMNbIOMEPHOU TUHSBUCIUKU U NEPEBO00BEOEHUS.

Knwouesvie cnoga: uckyccmeenmvili  UHMENNIEKM,  MAWUHHBIL — NEPeeoo,  NpasMamuxa,
JIUHSBUCMUKA, KOHMEKCM, OUCKYPC, KVIbMYPHAA a0anmayus, cmpamezuu nepesood.

Introduction. In recent decades, artificial intelligence has revolutionized the field
of translation. Neural machine translation (NMT) systems, powered by deep learning
algorithms, have significantly improved translation quality compared to earlier rule-based
and statistical models. Despite these advancements, Al translation systems still struggle
with linguopragmatic aspects of language.

Linguopragmatics focuses on how meaning is constructed in context, taking into
account speaker intentions, cultural norms, and situational factors. While Al systems excel
at processing large datasets and identifying patterns, they often fail to interpret implicit

135

www.uzresearchers.com

ISSN: 2992-8850


mailto:raximovag037@gmail.com
https://orcid.org/0009-0002-9198-9848

VOLUME:4 ISSUE: 4/2

SCIENCE TIME 00
: 199090 ILM VAQTI

ISSN: 2992-8850

cientific journal

meanings, irony, politeness strategies, and context-dependent expressions. This paper aims
to examine the linguopragmatic constraints of Al translation and propose effective
strategies to overcome them.

Literature analysis. Previous research in translation studies and computational
linguistics highlights that while neural machine translation systems have significantly
improved linguistic accuracy, they still lack pragmatic competence. Scholars such as
Baker and House emphasize the importance of context, discourse, and cultural equivalence
in achieving high-quality translation. Similarly, Grice’s theory of implicature and Brown
and Levinson’s politeness theory reveal key areas where Al systems often fail to interpret
implicit meaning and social norms. Recent studies in neural machine translation further
confirm that data-driven models struggle with discourse coherence and sociolinguistic
variation, underscoring the need for hybrid and context-aware approaches.

Research methodology. This study adopts a qualitative analytical approach based
on a review of contemporary literature in translation studies and computational linguistics.
It involves comparative analysis of theoretical frameworks related to pragmatics and
machine translation to identify key linguopragmatic constraints. Additionally, selected
examples of Al-generated translations are examined to illustrate common pragmatic errors
and evaluate potential mitigation strategies.

Results and discussion. Linguopragmatics studies the relationship between
language and its use in communication. It includes elements such as:

Speech acts (requests, apologies, commands)
Implicature (hidden meaning)
Deixis (context-dependent references)

. Politeness strategies

In translation, preserving these elements is crucial for maintaining the original
message’s intent.

Speech acts refer to the communicative actions performed through language.
According to speech act theory, every utterance carries not only literal meaning but also a
functional intention. These include:

. Directives (requests, commands): “Close the door.”
. Commissives (promises): “I will help you.”

. Expressives (emotions): “I’m sorry.”

. Declarations (official acts): “You are hired.”

In translation, speech acts must be rendered in a way that preserves their intended
function. For example, a polite request in one language may require different grammatical
structures in another language to maintain the same level of politeness. Al systems often
translate speech acts literally, which can result in pragmatic failure, especially when
indirect speech acts are involved.
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Implicature refers to meaning that is implied rather than explicitly stated. It is a
central concept in pragmatics, where the listener must infer the speaker’s intended
meaning based on context.

For example:

. “It’s cold here” may imply a request to close the window.

In translation, implicatures are particularly challenging because they depend heavily
on shared knowledge and context. Al systems tend to focus on explicit meaning and may
fail to capture implied intentions, leading to loss of meaning or misinterpretation.

Deixis involves words and expressions whose meaning depends on context, such as:

. Personal deixis: I, you, they

. Spatial deixis: here, there

. Temporal deixis: now, yesterday

. Social deixis: formal vs informal address

For instance, the word “here” can refer to different locations depending on the
speaker’s position. In translation, incorrect handling of deixis can distort meaning. Al
systems may struggle when contextual references are not clearly defined within a sentence
or when cultural differences affect deixis usage.

Politeness strategies are linguistic mechanisms used to maintain social harmony and
show respect. These strategies vary across cultures and include:

. Indirectness (““Could you possibly...”)

. Honorifics and formal language

. Softening expressions

In translation, maintaining the appropriate level of politeness is crucial. A direct
translation may sound rude or unnatural in the target language. Al systems often fail to
adjust tone according to cultural norms, which can lead to inappropriate or socially
unacceptable translations.

Context plays a fundamental role in interpreting meaning. It includes:

. Linguistic context (surrounding text)
. Situational context (who is speaking, where, why)
. Cultural context

For example, the word “bank” can mean a financial institution or the side of a river
depending on context. Al systems sometimes lack sufficient contextual awareness,
especially when processing isolated sentences, which leads to ambiguity and incorrect
translation choices.

Politeness strategies are linguistic mechanisms used to maintain social harmony and
show respect. These strategies vary across cultures and include:

. Indirectness (““Could you possibly...”)

. Honorifics and formal language

. Softening expressions
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In translation, maintaining the appropriate level of politeness is crucial. A direct
translation may sound rude or unnatural in the target language. Al systems often fail to
adjust tone according to cultural norms, which can lead to inappropriate or socially
unacceptable translations.

Modern Al translation systems, particularly neural networks, rely on large corpora
of bilingual texts. These systems use probabilistic models to predict the most likely
translation. However, they primarily operate on surface-level patterns rather than deep
semantic understanding.

Linguopragmatic Constraints of Al Translation

Lack of Contextual Awareness. Al systems often translate sentences in isolation,
leading to errors in meaning. For example:

. Pronoun ambiguity
. Incorrect tense interpretation
. Misinterpretation of discourse relations

Without broader context, translations may become inaccurate or misleading.
Cultural and Sociolinguistic Limitations. Language is deeply embedded in
culture. Al systems frequently fail to:

. Recognize cultural references
. Adapt idiomatic expressions
. Handle humor and irony

For instance, idioms like “break the ice” may be translated literally, losing their
intended meaning.
Pragmatic Failures. Al struggles with:

. Indirect speech acts (e.g., polite requests)

. Tone (formal vs informal)

. Speaker intention

Example:
“Could you open the window?” might be translated as a literal question rather than a polite
request.

Discourse-Level Issues. Al often fails to maintain coherence across longer texts:

. Inconsistent terminology

. Lack of logical flow

. Repetition or omission of information

This is especially problematic in academic and professional texts.

Ambiguity Resolution Problems. Natural language is inherently ambiguous. Al
systems may:

. Choose incorrect meanings for polysemous words

. Misinterpret syntactic structures
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Addressing linguopragmatic constraints in artificial intelligence-based translation
requires a multifaceted and interdisciplinary approach that combines technological
innovation with human expertise. One of the most effective strategies is the integration of
human-Al collaboration, where machine-generated translations are refined through human
post-editing. This approach allows for the correction of pragmatically inappropriate
structures, restoration of implied meanings, and adjustment of cultural nuances that Al
systems often fail to capture. Human translators contribute contextual awareness,
sociocultural sensitivity, and pragmatic competence, which remain challenging for
automated systems to replicate fully.

Another essential strategy involves the development of context-aware translation
models. Traditional Al systems often operate at the sentence level, which limits their
ability to interpret meaning across larger discourse units. By incorporating broader textual
context and discourse-level information into training models, it becomes possible to
improve coherence, resolve ambiguities, and maintain logical consistency throughout the
translated text. Advances in neural architectures, such as transformer-based models with
extended context windows, have shown promising results in enhancing contextual
understanding, although challenges remain in effectively modeling long-range
dependencies.

Improving the quality and diversity of training data also plays a crucial role in
overcoming linguopragmatic limitations. Al systems depend heavily on the data they are
trained on; therefore, the inclusion of culturally rich, contextually varied, and
pragmatically annotated corpora can significantly enhance translation performance. For
instance, datasets that include speech act classifications, politeness markers, and discourse
relations enable models to better interpret communicative intentions. Moreover,
incorporating multilingual and low-resource language data can reduce biases and improve
the system’s adaptability across different linguistic environments.

Cultural adaptation is another important aspect in addressing linguopragmatic
challenges. Translation is not merely a linguistic process but also a cultural one, requiring
sensitivity to norms, values, and conventions of the target audience. Al systems can be
improved by integrating localization techniques that go beyond literal translation and
focus on functional equivalence. This includes adapting idiomatic expressions, humor, and
culturally specific references in a way that preserves their intended effect rather than their
literal form. Such adaptation often requires hybrid approaches combining rule-based
adjustments with machine learning outputs.

In addition, the incorporation of multimodal data offers new possibilities for
enhancing pragmatic understanding. By combining textual input with visual, auditory, or
situational context, Al systems can achieve a more comprehensive interpretation of
meaning. For example, images accompanying a text can help disambiguate references,
while tone of voice in audio data can provide clues about speaker intention. Although
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multimodal translation is still an emerging field, it has significant potential to address
some of the inherent limitations of purely text-based systems.

Finally, domain-specific training and customization of translation models can
greatly improve their pragmalinguistic performance. General-purpose Al systems often
lack the precision required for specialized fields such as legal, medical, or academic
translation, where accuracy and clarity are critical. By training models on domain-specific
corpora, it becomes possible to ensure consistency in terminology, adherence to stylistic
conventions, and appropriate use of register. This targeted approach not only enhances
linguistic accuracy but also contributes to better pragmatic alignment with the expectations
of specific professional contexts.

Conclusion. In conclusion, overcoming linguopragmatic constraints in Al
translation is not achievable through a single solution but rather through the integration of
multiple strategies. The combination of human expertise, advanced computational models,
enriched training data, and contextual awareness forms the foundation for developing
more effective and reliable translation systems. Continued research and interdisciplinary
collaboration are essential to further bridge the gap between human and machine
translation capabilities.
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